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ABSTRACT  ARTICLE INFO 

 

This study develops a framework to explain household financial 

decision-making by examining how economic capacity and 

behavioral discipline jointly influence financial outcomes. While 

income reflects financial capacity, saving behavior represents the 

discipline that determines how resources are managed. Using survey 

data from 500 working individuals in Makassar City, Indonesia, this 

study applies a predictive composite modeling approach combining 

robust MM estimation and cross-validated regression to address non 

normal behavioral financial data. The results show that saving 

behavior strongly influences both household financial decision-

making and financial risk management, and also indirectly affects 

financial decisions through financial risk management. Income also 

shows a positive but weaker effect. The interaction between income 

and saving behavior is statistically significant (β = −0.267, p < 0.001), 

indicating that the marginal effect of income declines as saving 

discipline increases. The model explains 62.8% of the variance in 

financial decision-making. The study introduces a capacity–discipline 

interaction framework and demonstrates the value of robust 

predictive modeling for behavioral finance research. 
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1. Introduction  

Household financial decisions are often examined through traditional economic frameworks, 

where income and resource availability are assumed to be the main factors determining how 

funds are allocated. Conventional models suggest that higher income gives households more 

flexibility and improves decision-making by allowing better planning over time. However, in 

many emerging economies, household financial choices go beyond simple market-based 

optimization and are heavily influenced by social norms and cultural expectations. These 

external pressures create implicit obligations that can increase financial stress. 

Culturally embedded expenditures, such as Mudik, the Eid al-Fitr homecoming tradition in 

Indonesia, illustrate this dynamic. While participation may appear voluntary, strong social 

expectations and collective norms often require families to allocate resources in ways that 

balance social participation with financial sustainability. Mudik demands substantial 

financial resources within a short period and reflects emotional bonds, family solidarity, and 

social identity. Individuals responsible for household finances must therefore carefully plan 

liquidity, follow disciplined budgets, and anticipate potential risks to meet these social 

obligations without undermining long-term financial well-being (Godase et al., 2024; 

Mannell et al., 2025; Warmath et al., 2022). 

From a household finance perspective, culturally embedded expenditures like Mudik create 

a tension between fulfilling social obligations and maintaining long-term financial resilience. 

This tension is particularly evident for economically active individuals whose incomes are 

uncertain or volatile, especially those working in informal sectors. Post-pandemic patterns 

show that participation in Mudik varies according to perceived economic stability and 

financial risk exposure, suggesting that these financial decisions are shaped by the 

interaction of economic capacity, disciplined budgeting, and risk management ability (Alvi 

et al., 2025; Yeoh et al., 2025). In this study, Mudik is used as an illustrative example of 

culturally embedded expenditure pressures rather than a directly measured variable. 

Previous research consistently identifies income and saving behavior as key predictors of 

financial outcomes. However, three important gaps remain. First, income and saving 

behavior are often treated as independent and additive predictors, assuming that higher 

economic capacity automatically results in better financial decisions. This approach 

overlooks the role of behavioral discipline in determining how effectively financial resources 

are used, particularly under culturally embedded expenditure pressures. Second, financial 

risk management is frequently viewed as an end-point outcome rather than as a mechanism 

that channels disciplined saving into structured financial decision-making. Third, many 

empirical studies rely on covariance-based models that prioritize overall fit. When survey 

data are ordinal or non-normal, these methods can reduce predictive accuracy and weaken 

the validity of estimated relationships (Ademola et al., 2025; Arsenal et al., 2025; Milyan et 

al., 2025; Sharma, 2024). 

To address these gaps, this study proposes a framework for examining household financial 

decision-making by considering the interaction between income, as a measure of economic 

capacity, and saving behavior, as a form of behavioral discipline. Financial risk management 

is treated as a mediating mechanism that transforms disciplined financial behavior into 

structured financial decisions under normative pressures. This framework allows us to 

explore whether behavioral discipline shapes the marginal effect of income and whether 

financial risk management channels the impact of saving behavior into decision quality. 
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The framework draws on three complementary theories. The Life-Cycle Hypothesis (LCH) 

conceptualizes income as an intertemporal resource guiding consumption and saving over 

time (FRIEDMAN, 1957; Modigliani & Brumberg, 1954). Behavioral Life-Cycle Theory (B-

LCT) emphasizes self-control and mental accounting as key factors in enabling disciplined 

financial allocation (Thaler & Shefrin, 1981). The Theory of Planned Behavior (TPB) 

highlights perceived behavioral control and intention as important determinants of 

structured actions under social and normative pressures (Ajzen, 1991). Together, these 

perspectives clarify the distinction between economic capacity, behavioral discipline, and 

financial risk management within a unified household finance framework. 

Using survey data from 500 working adults in Makassar City, Indonesia, who represent 

economically active members involved in household financial management, this study 

contributes to the literature in three ways. First, it introduces a capacity–discipline 

interaction framework that shows how the marginal effect of income depends on saving 

discipline. Second, it clarifies the mediating role of financial risk management in turning 

disciplined saving into structured decisions. Third, it demonstrates the value of a robust 

predictive modeling approach for analyzing behavioral financial data. These findings 

provide new insights into household financial behavior in emerging urban economies. 

 

2. Methodology 

Research Design and Analytical Strategy 

This study employs a quantitative explanatory design to examine the structural relationships 

among income (X₁), saving behavior (X₂), financial risk management (Y₁), and household 

financial decision-making (Y₂). The main goal is to identify statistically significant 

relationships and evaluate the stability, robustness, and predictive relevance of the proposed 

capacity–discipline–risk framework. 

Because the study involves direct effects, mediation, and moderation, and the survey data 

are ordinal and non-normal, a composite-based, prediction-oriented analytical approach was 

used. All analyses were conducted in RStudio, which is well-suited for handling complex 

models with non-normal data. Rather than focusing solely on covariance reproduction or 

overall model fit, this study prioritizes parameter robustness, resilience to violations of 

distributional assumptions, and out-of-sample predictive performance (Hair et al., 2019; 

Shmueli, Sarstedt, et al., 2019). This approach is particularly appropriate for research on 

household financial behavior, where constructs measured with Likert-type scales may 

display skewness, kurtosis, and heteroskedasticity. 

The use of a predictive and robust framework is methodologically justified for three reasons. 

First, the study includes interaction and mediation mechanisms that require stable coefficient 

estimates under non-ideal data conditions. Second, the indicators are measured on ordinal 

Likert scales, which violate traditional normality assumptions. Third, the study aims to 

produce findings that are explanatory within the sample and generalizable for predictive 

purposes. 

The analytical procedure follows four stages. The first stage involves reliability-based 

construct purification to enhance internal consistency and reduce measurement noise. The 

second stage transforms the purified indicators into composite scores representing each 

construct. The third stage estimates structural relationships using multiple regression 

models, including mediation and moderation specifications. To handle potential 
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heteroskedasticity and influential observations, the main structural model was re-estimated 

using robust MM regression, which combines high breakdown points with strong efficiency 

and is suitable for non-normal behavioral data. The fourth stage evaluates model 

generalizability through cross-validation and hold-out prediction, assessing both predictive 

reliability and structural stability. 

This integrated approach strengthens the credibility of the study by aligning measurement, 

estimation, and validation procedures with the empirical characteristics of the data. It also 

supports the broader goal of explaining household financial decision-making in culturally 

embedded contexts using a theoretically grounded and methodologically robust framework. 

Sample and Data Collection 

The data were collected through a structured survey in Makassar City, Indonesia, involving 

500 working individuals who were economically active at the time of data collection. 

Respondents were selected because they represent income earners within their households 

and are directly involved in managing financial resources, including income allocation, 

saving, and risk management. While the survey focuses on individual respondents, the 

behaviors measured reflect household-level financial decision-making processes. 

Makassar is a relevant setting for studying household financial behavior in emerging urban 

economies. As one of the largest economic centers in Eastern Indonesia, the city attracts a 

diverse workforce from across the country. Consequently, the sample includes both native 

residents and migrants who currently live and work in the city. 

Some respondents maintain socio-economic ties with their places of origin outside Makassar. 

These connections often involve periodic visits and financial obligations toward family 

members in other regions. Such circumstances can influence financial behavior, particularly 

saving and risk management, as households may need to allocate resources for both local 

consumption and extended family obligations. 

Data were collected using a structured questionnaire with items measuring income, saving 

behavior, financial risk management, and household financial decision-making. All items 

were rated on five-point Likert scales ranging from strongly disagree to strongly agree. The 

survey was administered directly to respondents to ensure clarity and improve response 

reliability. 

This sampling approach reflects common characteristics of urban households in emerging 

economies, where internal migration and extended family obligations shape financial 

decision-making patterns. Focusing on economically active individuals involved in 

household financial management provides a suitable empirical basis for testing the proposed 

capacity–discipline–risk framework. 

Measurement Instrument and Data Characteristics 

All constructs were measured using five-point Likert scales. Ordinal survey data, such as 

those obtained from Likert responses, often violate the multivariate normality assumptions 

required by traditional covariance-based techniques (Rhemtulla et al., 2012). These 

deviations do not compromise the analysis when estimation methods that accommodate 

non-normality and emphasize robustness are employed (Norman, 2010; Shmueli, Sarstedt, et 

al., 2019). 

The analytical strategy was therefore deliberately chosen to match the empirical 

characteristics of behavioral financial data, which frequently show non-normal distributions. 

Estimation procedures were aligned with the observed data rather than imposing strict 
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normality assumptions, preserving both predictive power and structural integrity despite 

deviations from normality. 

This approach aligns with growing recognition of the need for robust methods in household 

financial behavior research, where skewness, kurtosis, and other non-normal patterns are 

common. By prioritizing parameter robustness and predictive performance over 

conventional global fit indices, the study produces findings that are reliable, stable, and 

resilient to data irregularities. 

Measurement Reliability and Construct Purification 

The internal consistency of the measurement instruments was first assessed using 

Cronbach’s alpha (Cronbach, 1951). While Cronbach’s alpha indicates scale consistency, the 

assessment was extended to include inter-item correlation analysis. This step helped identify 

issues such as negative or very low correlations and items that weakened construct 

homogeneity. 

Following psychometric guidelines, a reliability-based construct purification procedure was 

applied before structural estimation. This step reduces measurement noise and strengthens 

construct validity. Refinement was conducted at the correlational level rather than relying 

solely on factor loadings, ensuring coherent and reliable constructs. 

This purification improves construct coherence and stabilizes parameter estimates in 

subsequent modeling. It also ensures the measurement model aligns closely with the 

theoretical framework, enhancing the robustness and validity of the structural equation 

modeling (SEM) results. 

Composite-Based Construct Operationalization 

After purification, constructs were operationalized as composite indices based on the 

retained items. For each construct X_k, the composite score was calculated as the mean of its 

purified indicators: 

X_k = (1 / p_k) ∑_(i=1)^(p_k) x_ik 

where p_k represents the number of retained items for construct X_k. 

Operationalizing constructs as composites aligns with variance-based, prediction-oriented 

modeling (Shmueli, Sarstedt, et al., 2019). Unlike approaches focused on latent covariance 

structures, composite indices provide empirically stable representations suitable for 

regression-based mediation and moderation analyses. This method improves construct 

interpretability and reduces measurement error, supporting a robust predictive framework 

for examining the relationships under study. 

Structural Model Specification 

Structural relationships were estimated using multiple linear regression within 

mediation and moderation frameworks. 

The first-stage mediation model was specified as: 

Y₁ = α₀ + α₁ X₁ + α₂ X₂ + ϵ 

The main structural model was specified as: 

Y₂ = β₀ + β₁ X₁ + β₂ X₂ + β₃ Y₁ + u 

The moderation model, including the interaction term, was specified as: 

Y₂ = β₀ + β₁ X₁ + β₂ X₂ + β₃ (X₁ × X₂) + β₄ Y₁ + u 

This specification allows simultaneous examination of three key effects: the direct effects of 

income (X₁) and saving behavior (X₂) on financial risk management (Y₁) and household 

financial decision-making (Y₂), the indirect effects through financial risk management, and 
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the conditional effect of income at different levels of saving behavior as captured by the 

interaction term. The structural configuration directly reflects the capacity–discipline–risk 

framework. 

Mediation Analysis 

Indirect effects were assessed using nonparametric bootstrapping following (Preacher & 

Hayes, 2008). The indirect effect was calculated as: 

IE = α × β 

where α represents the effect of the independent variable on the mediator, and β represents 

the effect of the mediator on the dependent variable. Bootstrap confidence intervals were 

used to determine statistical significance, providing robust inferences for indirect effects. 

This method avoids assuming normality, which is important when analyzing behavioral 

survey data that often exhibit skewness and kurtosis. 

Robust Estimation Strategy 

To address heteroskedasticity and the influence of outliers, additional estimations were 

performed using robust regression based on MM estimators (Maronna et al., 2018; Yohai, 

1987). MM estimation combines a high breakdown point with strong efficiency, providing 

resistance to extreme observations. 

Robust estimation increases the credibility of structural parameters by minimizing the 

influence of distributional irregularities and outliers. This ensures that findings are not 

disproportionately affected by atypical cases or violations of conventional assumptions, 

enhancing overall result robustness. 

Predictive Validation and Generalizability Assessment 

Beyond in-sample estimation, predictive validation was conducted using data splitting and 

k-fold cross-validation. These out-of-sample procedures rigorously evaluate model quality, 

assessing how well the model generalizes to new data and preventing overfitting (Shmueli, 

Ray, et al., 2019). 

Cross-validation ensures that the study evaluates not only statistical significance but also 

structural stability and predictive generalizability. This approach aligns with the focus on 

robust, explanatory modeling and ensures that the framework is relevant for similar 

populations or contexts beyond the initial sample. 

Conceptual Framework 

The proposed conceptual framework integrates the Life-Cycle Hypothesis, Behavioral Life-

Cycle Theory, and the Theory of Planned Behavior into a unified structure for analyzing 

household financial decision-making. Within this framework, economic capacity, behavioral 

discipline, and financial risk control are conceptually distinct but interrelated dimensions 

shaping financial behavior. 

The framework specifies three structural relationships. First, it examines the direct effects of 

income as economic capacity and saving behavior as behavioral discipline on household 

financial decision-making. Second, it incorporates a mediation pathway through financial 

risk management, which channels the stabilizing effect of disciplined saving into structured 

financial decisions. Third, it includes a moderation pathway to capture the conditional 

influence of income across levels of saving discipline. 

By modeling mediation and moderation simultaneously, this framework goes beyond 

traditional linear and additive approaches in household finance research. Income functions 

as an enabling resource defining financial capacity, while saving behavior acts both as a 
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stabilizer and as a mechanism that activates effective risk management. Household financial 

decision-making is therefore seen as the outcome of an interdependent configuration of 

economic capacity, behavioral discipline, and financial risk management, particularly within 

culturally embedded financial contexts. 

Figure 1. Conteptual Framework (2025) 

Income

(x1)

Saving Behaviour

(x2)

Financial Risk Management

(Y1)

Household financial decision 

making

(Y2)

 
Hypothesis Testing 

In this section, all proposed hypotheses are tested using the processed data. The goal is to 

determine whether each hypothesis is supported and to provide clear interpretations of the 

direction and strength of relationships among the variables. The results are presented in 

statistical tables, accompanied by descriptive explanations to ensure easy understanding of 

the empirical findings. 

The hypotheses for this study are formulated as follows: 

• H1: Income positively influences financial decision-making within households. 

• H2a: Saving behavior positively influences financial decision-making within households. 

• H2b: Saving behavior positively influences financial risk management. 

• H3: Financial risk management mediates the relationship between saving behavior and 

financial decision-making within households. 

• H4: Saving behavior moderates the relationship between income and financial decision-

making within households. 

Analytical Tools 

All data processing in this study was conducted using RStudio, which allows for advanced 

statistical analyses, including regression, mediation, and moderation. Microsoft Excel was 

used for data preparation and cleaning, including variable coding, checking for missing 

values, and formatting datasets. This combination of tools ensured that the data were 

systematically prepared for analysis and that the results could be interpreted accurately and 

reliably. 
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3. Result and Discussion 

Result 

Data Screening and Distributional Properties 

Shapiro–Wilk tests indicated significant deviations from normality for all observed items (p < 

0.05), which is consistent with the ordinal characteristics of Likert-scale survey 

measurements. Such deviations are common in behavioral finance research where 

respondent perceptions and attitudes are captured through ordinal scales (Rhemtulla et al., 

2012). 

To address these distributional properties, the analysis employed robust and prediction-

oriented estimation techniques. Robust MM estimation was used in the structural model to 

produce stable parameter estimates and reliable inference under non-normal conditions 

(Hair et al., 2019; Norman, 2010). This approach improves the robustness of the results and 

preserves the stability of structural relationships despite violations of normality 

assumptions. Detailed normality diagnostics are reported in Appendix B. Operational 

definitions for all constructs and measurement indicators are provided in Appendix H. 

Reliability Analysis and Construct Refinement 

Internal Consistency 

Internal consistency reliability was evaluated using Cronbach’s alpha coefficients: 

• Income (X₁): α = 0.759 

• Saving behavior (X₂): α = 0.835 

• Financial risk management (Y₁): α = 0.814 

• Household financial decision-making (Y₂, initial specification): α = 0.565 

The relatively low reliability of the initial Y₂ construct indicated heterogeneity among its 

indicators and suggested potential multidimensionality within the measurement items. 

Construct Purification 

Inter-item correlation analysis revealed weak and negative correlations among several Y₂ 

indicators. After examining the correlation structure and item contributions, indicators Y23–

Y25 were removed during the purification process. The refined construct (Y₂_clean) retained 

indicators Y21 and Y22 and demonstrated improved internal consistency with Cronbach’s 

alpha of 0.822. 

This refinement enhanced measurement homogeneity and internal coherence. The retained 

indicators capture the normative–emotional dimension of household financial decision-

making. Therefore, the empirical results reported in this study should be interpreted as 

reflecting this normative–emotional dimension rather than the full multidimensional 

construct of household financial decision-making. Detailed reliability diagnostics and 

purification procedures are provided in Appendix C. 

Structural Estimation  

Mediation Stage 

In the first-stage mediation model, both saving behavior (X₂) and income (X₁) significantly 

predicted financial risk management (Y₁). Saving behavior exhibited the stronger effect, 

while income demonstrated a smaller but still statistically significant contribution. 

The model explained approximately 51.5% of the variance in financial risk management (R² = 

0.515), highlighting the importance of behavioral discipline in translating economic capacity 

into structured financial risk management practices. 
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Baseline Structural Model (OLS Estimation) 

In the baseline structural model, income (X₁), saving behavior (X₂), and financial risk 

management (Y₁) all significantly predicted household financial decision-making (Y₂_clean). 

Saving behavior showed the strongest standardized coefficient among the predictors, 

emphasizing its dominant role in explaining household financial decision quality. 

The model explained 53.8% of the variance in household financial decision-making (R² = 

0.538). 

Moderated Structural Model (Robust MM Estimation) 

To account for potential violations of classical assumptions and improve robustness, the 

moderated structural model was estimated using robust MM regression. The results revealed 

a statistically significant interaction between income (X₁) and saving behavior (X₂) (β = 

−0.267, p < 0.001). 

The inclusion of the interaction term substantially increased the explanatory power of the 

model, with adjusted R² rising to 0.628. 

This finding indicates that the influence of income on household financial decision-making is 

contingent on the level of saving discipline. In other words, economic capacity alone is 

insufficient to produce high-quality financial decisions without behavioral discipline. 

Detailed results are reported in Appendix E2 and the interaction effects are illustrated in 

Figure A1. 

Mediation Analysis 

Mediation analysis was conducted using nonparametric bootstrapping with 1,000 resamples. 

The results revealed a statistically significant indirect effect of saving behavior (X₂) on 

household financial decision-making through financial risk management (Y₁). This finding 

indicates partial mediation, suggesting that disciplined saving behavior influences decision 

quality partly through improved risk management practices. 

For income (X₁), the mediation pathway through financial risk management was statistically 

significant but negative, indicating that the direct effect of income on household financial 

decision-making remains dominant. 

These results suggest that financial risk management functions as an important behavioral 

transmission mechanism linking saving discipline to financial decision outcomes. Detailed 

mediation results are reported in Appendix E3 and illustrated in Figure A2. 

Effect Sizes 

Effect sizes were evaluated using Cohen’s f² statistics: 

• Saving behavior (X₂): f² = 0.524 (large effect) 

• Income (X₁): f² = 0.201 (medium effect) 

• Financial risk management (Y₁): f² = 0.056 (small effect) 

• Interaction (X₁ × X₂): f² = 0.074 (small-to-moderate effect) 

These results confirm that saving behavior is the strongest predictor in the model, 

emphasizing the central role of behavioral discipline in shaping household financial decision 

outcomes. Detailed calculations are provided in Appendix E2. 

Robustness and Predictive Validation 

Robust MM estimation was applied to address potential heteroskedasticity and outlier 

influence. The robust model produced coefficient patterns consistent with OLS estimates, 

confirming the stability of the results. 
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The Durbin–Watson statistic was 2.11 (p > 0.05), indicating no evidence of residual 

autocorrelation (Appendix F2). 

To assess predictive performance, a 70/30 hold-out validation was implemented. The model 

achieved a root mean squared error (RMSE) of 0.715. In addition, five-fold cross-validation 

produced a mean RMSE of 0.680 and MAE of 0.570. 

These predictive validation results indicate a low risk of overfitting and acceptable out-of-

sample generalizability. Detailed validation statistics are provided in Appendix F3. 

Hypothesis  

Table 1. Hypothesis Result 

Hypothesis Relationship Result Statistic 

H1 
Income (X₁) → Household Financial Decision-

Making (Y₂) 
Supported 

β = 0.398, p < 

0.001 

H2a 
Saving Behavior (X₂) → Household Financial 

Decision-Making (Y₂) 
Supported 

β = 0.604, p < 

0.001 

H2b 
Saving Behavior (X₂) → Financial Risk 

Management (Y₁) 
Supported 

β = 0.520, p < 

0.001 

H3 
Financial Risk Management mediates Saving 

Behavior → Y₂ 
Supported 

ACME = −0.111, 

p < 0.001 

H4 Saving Behavior moderates Income → Y₂ Supported 
β = −0.267, p < 

0.001 

All proposed hypotheses are supported. Income positively influences both household 

financial decision-making and financial risk management, indicating that economic capacity 

contributes to financial planning and risk management practices. Saving behavior strongly 

influences both financial risk management and household financial decision-making, 

highlighting the central role of saving discipline in shaping household financial outcomes. 

Financial risk management mediates the relationship between saving behavior and 

household financial decision-making. The mediation effect is statistically significant, 

although the indirect coefficient is negative because the estimated path from financial risk 

management to household financial decision-making is negative in the structural model. 

This indicates that disciplined saving behavior improves financial outcomes partly through 

structured risk management practices. Moderation analysis further shows that the impact of 

income on financial decisions depends on the level of saving discipline, suggesting that 

behavioral discipline conditions how economic capacity is translated into household 

financial decisions. 

Novelty of the Study 

This study highlights the dual role of saving behavior in household financial decision-

making. First, saving behavior directly influences decision quality, making it a dominant 

predictor of household financial outcomes. Second, it moderates the relationship between 

income and decision-making, showing that higher income alone does not guarantee better 

financial decisions without disciplined saving behavior. 

This dual role provides a more nuanced understanding of economic capacity and behavioral 

discipline. Income represents available financial resources, while saving behavior determines 

how effectively those resources are utilized. The findings suggest that economic resources 

alone are insufficient for optimal outcomes. Individuals managing household finances must 

demonstrate disciplined saving to fully leverage their financial capacity. 
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The study also challenges simplified interpretations of the Life-Cycle Hypothesis. While 

income provides capacity, it does not automatically improve financial risk management or 

decision-making. Instead, consistent saving and prudent risk management are more critical 

for quality decisions. Individuals with weak discipline may remain financially vulnerable 

despite relatively high income. 

Furthermore, this research emphasizes the interaction between income and behavior, 

bridging traditional economic models and behavioral finance perspectives that highlight 

psychological mechanisms such as self-control and mental accounting (Thaler & Shefrin, 

1981). 

Finally, the findings underscore the role of social and cultural contexts. In emerging urban 

economies like Indonesia, household financial responsibilities often extend to extended 

family networks. This complexity influences saving, risk management, and decision-making,  

Discussion 

Income and Financial Decision-Making within Households 

The findings indicate that income (X₁) significantly improves household financial decision-

making (Y₂) (β = 0.398, p < 0.001). Higher income expands the financial capacity available for 

planning, saving, and managing expenditures, thereby supporting better household financial 

decisions. Income also positively influences financial risk management (Y₁) (β = 0.301, p < 

0.001), although the magnitude of this effect is smaller than that of saving behavior. This 

suggests that while economic resources facilitate financial risk management, disciplined 

financial behavior remains the more influential factor in shaping effective household 

financial decisions. 

Practically, individuals with higher income are more likely to engage in structured financial 

planning, allocating resources for consumption, saving, and investment, which improves 

household financial stability. Income represents the economic capacity that allows for more 

organized financial decisions. However, higher income alone does not automatically 

guarantee optimal financial management. Achieving prudent financial strategies also 

requires behavioral discipline, financial literacy, and long term planning capabilities. 

These findings are consistent with the Life Cycle Hypothesis, which suggests that 

individuals organize consumption and saving to smooth consumption across life stages 

(Nahricheraghtapeh, 2025; Peterman & Sager, 2022). Individuals save when income exceeds 

expected lifetime needs and borrow when it falls short. Income therefore influences decisions 

on saving, borrowing, and investing, shaping household resource allocation over time 

(Kundu & Das, 2022; Shah et al., 2021). 

Empirical evidence also shows that stable income facilitates saving and investment for future 

financial security, whereas volatile income may lead to precautionary saving or reliance on 

debt (Broqueza, 2025; Kachepa & Mumtaz, 2023; Sun & Xiong, 2023). Financial literacy and 

long term planning skills are critical in converting income into effective financial decisions 

(Ali & Marwat, 2021; Bandi et al., 2025). 

Although income positively contributes to financial risk management, its influence is weaker 

than that of saving behavior. This indicates that financial resources alone are not sufficient to 

ensure effective financial strategies. Behavioral factors, financial discipline, and self control 

influence whether income is translated into effective financial management practices. 

Overall, H1 is supported. Income provides the economic capacity for planning, saving, and 

investing, and it also contributes to financial risk management. However, the results indicate 



Journal of Economics, Entrepreneurship, Management Business and Accounting 

12 

 

that behavioral discipline reflected in saving behavior plays a more influential role in 

shaping effective household financial outcomes. 

Saving Behavior and Financial Decision-Making within Households 

Saving behavior (X₂) has a strong and statistically significant effect on household financial 

decision-making (Y₂), with a regression coefficient of β = 0.604 (p < 0.001). It also exhibits the 

largest standardized coefficient in the structural model (β ≈ 0.69), indicating its dominant 

influence among the predictors. Individuals who practice disciplined saving tend to allocate 

financial resources more systematically for household needs while maintaining preparedness 

for both expected and unexpected financial obligations. 

In addition, saving behavior significantly predicts financial risk management (Y₁) (β₂ = 0.520, 

p < 0.001), suggesting that disciplined saving practices contribute to the development of 

structured risk management within households. 

These results are consistent with the Behavioral Life-Cycle Theory, which extends the Life-

Cycle Hypothesis by including psychological factors such as self-control, mental accounting, 

and behavioral biases (Thaler & Shefrin, 1981). While income alone may enable saving, 

disciplined saving depends on self-control, planning ability, and financial literacy, which 

allow individuals to translate resources into long-term financial resilience (Ali & Marwat, 

2021; Bandi et al., 2025). 

Empirical evidence indicates that saving behavior is influenced by income stability, lifetime 

resource expectations, and access to financial instruments. Stable income facilitates the 

accumulation of savings, while debt obligations, liquidity constraints, and household 

responsibilities can redirect resources toward short-term needs (Gomes et al., 2021; Gupta et 

al., 2022; Kachepa & Mumtaz, 2023). Behavioral factors, including present bias, time 

preferences, and intra-household dynamics, further shape saving decisions (Bawalle et al., 

2024; Białowolski et al., 2024; Chawla & Svec, 2023). 

In cultural contexts such as Indonesia, where social and family obligations are strong, 

disciplined saving is particularly important. Consistent saving allows individuals to meet 

social commitments without compromising long-term financial stability. These findings 

support H2a, confirming that saving behavior is central to household financial resilience and 

decision quality. 

Saving Behavior and Financial Risk Management 

Saving behavior (X₂) also significantly predicts financial risk management (Y₁) (β = 0.520, p < 

0.001). This finding suggests that disciplined saving behavior functions as a behavioral 

mechanism that strengthens household resilience to income volatility and unexpected 

economic shocks. By accumulating precautionary savings and maintaining liquidity buffers, 

households are better positioned to stabilize their financial conditions and manage financial 

risks more effectively. 

These results align with Behavioral Life-Cycle Theory, emphasizing that saving behavior 

reflects discipline, financial literacy, and long-term planning (Thaler & Shefrin, 1981). Income 

enables saving, but translating resources into effective risk management depends on how 

savings are allocated and managed (Broqueza, 2025; Kachepa & Mumtaz, 2023; Sun & Xiong, 

2023). 

Saving behavior is also influenced by expectations of future income, risk tolerance, and 

access to financial instruments. While higher and more stable income generally supports 

precautionary savings, liquidity constraints and perceived risks may redirect resources to 
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immediate consumption (Kopylyuk & Muzychka, 2021; Rani & Sharma, 2024; Xu & Steiner, 

2025). Financial literacy and planning skills enhance saving discipline and strengthen risk 

management capacity (Gomes et al., 2021; Mehmood et al., 2022). Behavioral characteristics 

such as time preference and hyperbolic discounting further influence financial outcomes 

(Bawalle et al., 2024; Parra et al., 2021; Xu & Steiner, 2025). 

Overall, H2b is supported. Saving behavior strengthens financial risk management by 

enabling structured financial decisions and resilience to economic uncertainty. Income alone 

does not guarantee risk mitigation; behavioral discipline and financial knowledge are 

essential. 

Financial Risk Management as a Mediator 

Saving behavior also exhibited a significant indirect effect on household financial decision-

making through financial risk management (ACME = −0.111, p < 0.001), indicating the 

presence of mediation. This result suggests that disciplined saving behavior influences 

financial decision-making partly through the development of structured financial risk 

management practices. However, the negative sign of the indirect effect reflects the negative 

relationship between financial risk management and financial decision-making in the model. 

In other words, households that maintain consistent saving habits tend to adopt more 

systematic approaches to managing financial risks, which subsequently shape their financial 

decision-making processes. 

Income also exhibits a statistically significant indirect effect on household financial decision-

making through financial risk management (ACME = −0.064, p < 0.001). The negative 

direction of this indirect effect indicates that although higher income improves financial risk 

management, stronger risk management practices are associated with more cautious 

financial strategies, which temper the direct influence of income on financial decision-

making. 

Within the Behavioral Life Cycle perspective, saving behavior shaped by self control, 

financial literacy, and income dynamics influences how households allocate precautionary 

savings, risk bearing assets, and liquidity buffers (Bawalle et al., 2024; Mayorova, 2025; Rani 

& Sharma, 2024). Individuals with strong saving discipline and access to financial 

instruments are more likely to implement effective financial risk strategies, reducing 

impulsive decisions and supporting more stable financial planning. 

Thus, H3 is supported. Financial risk management functions as a behavioral transmission 

mechanism through which disciplined saving behavior improves the quality of household 

financial decision-making. 

Saving Behavior as a Moderator 

The interaction between income and saving behavior was statistically significant (β₃ = −0.267, 

p < 0.001). The model’s adjusted R² increased from 0.538 to 0.628 after including the 

interaction term, indicating that the effect of income on household financial decision-making 

depends on the level of saving discipline. When saving discipline is strong, the marginal 

impact of income becomes weaker because disciplined financial management reduces 

reliance on income alone in shaping financial decisions. Conversely, when saving discipline 

is weak, income becomes a more influential determinant of household financial decisions. 

This finding highlights the interaction between economic capacity and behavioral discipline. 

Income determines the potential resources available for saving, investment, and risk 

management, whereas behavioral discipline—shaped by financial literacy, self-control, and 
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financial planning—determines whether this potential is translated into effective financial 

decisions (Boontun et al., 2024; Sahputra, 2026; Triberti, 2022; Yoon & Hanna, 2024). In 

practice, cultural norms, extended family obligations, and access to financial instruments 

may further shape how these factors interact within household financial management. 

Overall, H4 is supported. The interaction demonstrates that income and saving behavior 

complement each other in shaping household financial decisions. Policies aimed at 

improving household financial stability should therefore focus not only on increasing 

income opportunities but also on strengthening saving discipline and financial capability. 

 

4. Conclusion and Suggestion 

Conclusion 

The findings of this study indicate that saving behavior, particularly disciplined saving, 

plays a central role in shaping both household financial decision-making and financial risk 

management among individuals responsible for managing household finances. Income also 

positively influences financial decision-making and financial risk management. However, 

the magnitude of its effect is smaller than that of saving behavior, suggesting that economic 

capacity alone is not sufficient to ensure effective financial outcomes. While income provides 

financial resources, the effective management of these resources depends strongly on 

behavioral discipline, financial literacy, and long-term financial planning. 

Saving behavior directly improves household financial decision-making and significantly 

strengthens financial risk management. Individuals who consistently practice disciplined 

saving are better able to build precautionary financial buffers, manage economic uncertainty, 

and make structured, forward-looking financial decisions that support long-term household 

financial stability. These results suggest that financial resilience is driven more strongly by 

disciplined saving behavior than by income alone. 

Financial risk management was also found to mediate the relationship between saving 

behavior and financial decision-making. The mediation is statistically significant, although 

the indirect coefficient is negative because the estimated relationship between financial risk 

management and household financial decision-making in the model is negative. This 

indicates that disciplined saving improves financial outcomes partly through the 

development of effective risk management practices. Households with consistent saving 

habits tend to adopt more systematic approaches to managing financial risks, which 

subsequently improves the quality of financial decisions. Income also exhibits an indirect 

effect on household financial decision-making through financial risk management. However, 

the negative direction of this indirect effect indicates that stronger financial risk management 

practices may temper the direct influence of income by encouraging more cautious and 

structured financial strategies. 

In addition, saving behavior moderates the relationship between income and household 

financial decision-making. Individuals with strong saving discipline rely less on income 

alone when making financial decisions, whereas those with weaker saving habits depend 

more heavily on income levels to guide their financial choices. This finding demonstrates the 

complementary relationship between economic capacity and behavioral discipline in 

shaping financial outcomes. 

Overall, the results emphasize that disciplined saving plays a more critical role than income 

alone in supporting household financial stability and resilience. The study highlights the 
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multidimensional role of saving behavior as a determinant, mediator, and moderator within 

the household financial decision-making process, offering a more comprehensive 

understanding of how economic resources and behavioral discipline jointly influence 

financial outcomes. 

Suggestions 

For individuals responsible for managing household finances, strengthening saving 

discipline should be a central component of financial planning. Structured budgeting 

practices that prioritize regular saving alongside daily consumption can improve the quality 

of financial decision-making. Consistently allocating a portion of income to savings allows 

households to build precautionary financial buffers, which help reduce vulnerability to 

income volatility and unexpected financial shocks. 

Integrating financial risk management into everyday financial decisions is also essential. This 

includes maintaining emergency funds, managing liquidity, and preparing contingency 

plans for potential financial disruptions. Such practices support more structured financial 

management and enable households to maintain financial stability even under uncertain 

economic conditions. 

For financial institutions and policymakers, financial programs and policy initiatives should 

not only focus on increasing income opportunities but also on strengthening saving 

discipline and financial capability. Financial literacy initiatives should emphasize behavioral 

aspects of financial management, including consistent saving habits, budgeting discipline, 

and proactive risk management. These behavioral factors play an important role in 

translating financial resources into effective financial outcomes. 

Financial institutions can further support responsible financial behavior by offering 

accessible and structured saving instruments, such as automatic savings accounts, 

commitment-based saving programs, and long-term saving incentives. By providing these 

tools and supportive financial systems, policymakers and financial institutions can 

encourage disciplined saving behavior, strengthen household financial resilience, and 

improve the quality of financial decision-making over time. 

Implications 

The study provides several theoretical insights. First, the findings reinforce the integration of 

the Life Cycle Hypothesis (LCH) and Behavioral Life Cycle Theory (B LCT). While the LCH 

emphasizes economic capacity, including income and lifetime resources, the results of this 

study show that behavioral discipline reflected in saving behavior plays a more influential 

role in shaping financial outcomes. Income contributes to both financial decision making and 

financial risk management, but disciplined saving behavior more strongly determines how 

financial resources are utilized in practice. 

The findings are also consistent with the Theory of Planned Behavior and Prospect Theory. 

Financial risk management is influenced not only by economic resources but also by 

behavioral factors such as self control, planning discipline, and risk perception. The 

significant role of saving behavior indicates that financial decisions are shaped by behavioral 

intentions and perceived control over financial actions. This highlights the importance of 

behavioral mechanisms in determining how households respond to financial opportunities 

and risks. 

From a methodological perspective, the use of a moderated mediation model allows the 

simultaneous examination of interaction effects and underlying behavioral mechanisms. This 
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approach provides a more comprehensive framework for understanding household financial 

behavior by capturing both the mediating role of financial risk management and the 

moderating role of saving discipline in the relationship between income and financial 

decision making. The application of bootstrapping procedures further strengthens the 

reliability of indirect effect estimates and improves the robustness of the findings, which is 

particularly valuable for behavioral research based on ordinal or non normal survey data. 

Novelty  

This study contributes to the literature on household financial behavior in several ways. 

First, it demonstrates the central role of saving behavior as a dominant predictor and 

moderator of financial outcomes within households. Saving behavior strongly influences 

household financial decision making and financial risk management, while also moderating 

the relationship between income and financial decisions. This finding provides deeper 

insight into how economic capacity and behavioral discipline interact in shaping financial 

outcomes. 

Second, the findings indicate that although income positively contributes to financial 

decision making and financial risk management, its influence is weaker than that of saving 

behavior. This suggests that economic capacity alone is not sufficient to ensure effective 

financial management. Behavioral discipline, particularly consistent saving behavior, plays a 

more critical role in determining how financial resources are managed and allocated within 

households. 

Third, the study highlights the interaction between economic and behavioral factors in 

household financial decision making. By examining how income and saving behavior jointly 

influence financial outcomes, the study integrates traditional economic perspectives with 

behavioral finance approaches. This provides a more comprehensive framework for 

understanding real world household financial behavior, where financial resources and 

behavioral discipline operate together in shaping financial decisions. 

Limitiations  

This study has several limitations. First, the use of cross sectional data limits the ability to 

establish causal relationships among income, saving behavior, financial risk management, 

and household financial decision making. Although the statistical analysis identifies 

significant relationships among these variables, longitudinal studies would be valuable for 

observing how saving behavior and financial outcomes evolve over time and for capturing 

dynamic changes in household financial behavior. 

Second, contextual factors such as cultural norms, extended family obligations, and 

traditions such as mudik may influence financial behavior among household financial 

decision makers. These contextual characteristics can shape spending priorities, saving 

patterns, and risk management practices, which may affect how financial decisions are made 

within households. As a result, these contextual elements may limit the generalizability of 

the findings beyond the local context of Makassar City, Indonesia. 

Third, the study focuses on respondents within a specific geographic and socio economic 

setting. Variations in regional economic conditions, income distribution, financial literacy, 

and access to financial institutions may influence household financial behavior in different 

contexts. Future research could expand the analysis to multiple regions or countries in order 

to examine whether the relationships identified in this study remain consistent across 

broader economic and cultural environments. 
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Future Research 

Future research could examine the long term impact of saving behavior on wealth 

accumulation and household financial stability using longitudinal data. Such an approach 

would help clarify the dynamic relationship between disciplined saving, financial risk 

management, and financial decision making across different life stages. Longitudinal 

analysis could also provide stronger evidence regarding how behavioral discipline 

contributes to sustained financial resilience over time. 

Further studies could investigate the role of financial literacy and access to digital financial 

services as potential moderating or mediating variables. These factors may influence how 

individuals transform economic resources into effective financial decisions, particularly in 

increasingly digital financial environments where access to financial tools and information 

can shape saving behavior and risk management practices. 

Comparative studies across regions or countries would also be valuable for determining 

whether the relationships identified in this study are context specific or broadly applicable 

across different economic and cultural environments. Differences in financial infrastructure, 

institutional support, and cultural attitudes toward saving may affect how income, saving 

behavior, and financial risk management interact in shaping household financial decisions. 

Finally, incorporating additional psychological and social variables, such as risk preferences, 

perceived financial security, social pressure, and life satisfaction, could provide a more 

comprehensive understanding of household financial behavior. Including these variables 

would allow future research to further integrate economic and behavioral perspectives in 

explaining how individuals responsible for household finances make financial decisions. 
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APPENDIX 

Appendix A. Descriptive Statistics of Observed Variables (N = 500) 

 

Table A1. Means, Standard Deviations, and Ranges of Indicators 

Variable Mean SD Min Max 

X11 4.32 0.74 2 5 

X12 4.1 0.79 2 5 

X13 4.13 0.72 3 5 

X14 4.35 0.77 2 5 

X15 4.28 0.84 2 5 

X21 3.53 0.89 1 5 

X22 4.12 0.66 3 5 

X23 3.64 0.94 1 5 

X24 3.48 0.93 1 5 

X25 4.39 0.56 3 5 

Y11–Y15 3.86–4.39 0.63–0.88 1 5 

Y21–Y25 3.85–4.33 0.61–0.95 1 5 

 

Note: Mean values indicate generally high agreement levels with moderate dispersion typical of 

Likert-type data. 

  

Appendix B. Distributional and Preliminary Diagnostics 

 

B1. Normality Tests 

Variable W Statistic p-value Interpretation 

X11 0.97 <0.001 Not normal 

X12 0.96 <0.001 Not normal 

X13 0.97 <0.001 Not normal 

X14 0.96 <0.001 Not normal 

X15 0.95 <0.001 Not normal 

X21 0.94 <0.001 Not normal 

X22 0.97 <0.001 Not normal 

X23 0.93 <0.001 Not normal 

X24 0.92 <0.001 Not normal 

X25 0.97 <0.001 Not normal 

Y11 0.95 <0.001 Not normal 

Y12 0.94 <0.001 Not normal 

Y13 0.96 <0.001 Not normal 

Y14 0.96 <0.001 Not normal 

Y15 0.95 <0.001 Not normal 

Y21 0.95 <0.001 Not normal 

Y22 0.94 <0.001 Not normal 

Y23 0.96 <0.001 Not normal 

Y24 0.93 <0.001 Not normal 

Y25 0.94 <0.001 Not normal 
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Note: 

p > 0.05 indicates normal distribution. 

 

B2. Multicollinearity Diagnostics (VIF) 

Predictor VIF Tolerance Interpretation 

Income (X1) 1.32 0.758 No multicollinearity 

Saving Behavior (X2) 1.32 0.758 No multicollinearity 

 

All VIF values < 5, indicating no multicollinearity concerns. 

 

B3. Univariate Outlier Detection 

Variable N Mean SD Min Max 
Outliers 

(|Z| > 3) 
Interpretation 

X1 (Income) 500 4.24 0.6 2 5 0 
No outliers 

detected 

X2 (Saving Behavior) 500 3.83 0.7 1 5 0 
No outliers 

detected 

Y1 (Financial Risk Management) 500 4.15 0.7 1.8 5 0 
No outliers 

detected 

Y2 (Household Financial Decision 

Making) 
500 4.07 0.7 1.8 5 0 

No outliers 

detected 

 

Appendix C. Reliability and Construct Refinement 

 

C1. Internal Consistency 

Construct 
Number of 

Items 

Cronbach’s 

Alpha 
Interpretation 

Income (X1) 5 0.759 Acceptable reliability 

Saving Behavior (X2) 5 0.835 Good reliability 

Financial Risk Management (Y1) 5 0.814 Good reliability 

Household Financial Decision Making (Y2) 2* 0.822 Good reliability 

Note: Initial measurement of Y2 included five items. However, three items (Y23, Y24, Y25) showed weak or 

negative inter-item correlations and were removed to improve internal consistency. The final construct retained 

two items (Y21 and Y22). 

C2. Inter-Item Correlations (Y2) 

Item Y21 Y22 Y23 Y24 Y25 

Y21 1 0.71 0.26 -0.23 0.07 

Y22 0.71 1 0.13 -0.19 -0.13 

Y23 0.26 0.13 1 0.36 0.44 

Y24 -0.23 -0.19 0.36 1 0.36 

Y25 0.07 -0.13 0.44 0.36 1 

 

C3. Diagnostic Covariance Assessment 

Fit Index 
Obtained 

Value 

Recommended 

Threshold 
Interpretation 

CFI (Comparative Fit Index) 0.651 ≥ 0.90 Poor fit 

TLI (Tucker–Lewis Index) 0.538 ≥ 0.90 Poor fit 
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RMSEA (Root Mean Square Error of 

Approximation) 
0.241 ≤ 0.08 Poor fit 

 

Note: The CFA results for constructs X1 and X2 indicate inadequate global model fit (CFI = 0.651; TLI = 

0.538; RMSEA = 0.241). Therefore, the constructs were operationalized using composite scores in the 

subsequent regression analyses. 

Appendix D. Correlation Matrix (Composite Level) 

Variable X1 X2 Y1 Y2_clean 

X1 (Income) 1 0.49 0.56 0.58 

X2 (Saving Behavior) 0.49 1 0.67 0.66 

Y1 (Financial Risk Management) 0.56 0.67 1 0.41 

Y2_clean (HouseHold Financial Decision Making) 0.58 0.66 0.41 1 

 

Note: Values represent Pearson correlations among composite variables. All constructs show 

moderate positive correlations, indicating related but empirically distinct constructs. 

 

Appendix E. Structural Estimation Details 

E1. Baseline Models (OLS) 

Variables Model 1 (Y1) Model 2 (Y2_clean) 

Intercept 0 0 

Income (X1) 0.301*** 0.398*** 

Saving Behavior (X2) 0.520*** 0.604*** 

Financial Risk Management (Y1) – -0.214*** 

R² 0.515 0.538 

Adjusted R² 0.513 0.535 

F-statistic 264.2*** 192.1*** 

Observations 500 500 

 

E2. Full Moderation Model (Robust MM) 

Predictor β Significance 

X1 0.433 *** 

X2 0.66 *** 

X1 × X2 -0.267 *** 

Y1 -0.25 *** 

Adjusted R² 0.628   

 

Effect Sizes (Cohen’s f²): 

Predictor Cohen’s f² Effect Size Interpretation 

Income (X1) 0.201 Medium 

Saving Behavior (X2) 0.524 Large 

Income × Saving Behavior (X1×X2) 0.074 Small 

Financial Risk Management (Y1) 0.056 Small 
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Figure A1 

 

E3. Mediation Analysis (Bootstrap, 1,000 resamples) 

Path 

ACME 

(Indirect 

Effect) 

95% CI 

Lower 

95% CI 

Upper 

ADE 

(Direct 

Effect) 

Total 

Effect 

Prop. 

Mediated 

p-

value 

X1 → Y1 → Y2 -0.064 -0.097 -0.036 0.398 0.334 -0.193 <0.001 

X2 → Y1 → Y2 -0.111 -0.148 -0.074 0.604 0.492 -0.226 <0.001 

Notes: 

• ACME = Average Causal Mediation Effect (Indirect effect) 

• ADE = Average Direct Effect 

• Bootstrap confidence intervals based on 1,000 resamples 

 

 
Figure A2 

 

E4. Model Comparison Summary 

Specification Model Description R² 

Baseline (OLS) 
Income and Saving Behavior predicting Household Financial Decision 

Making 
0.54 



Journal of Economics, Entrepreneurship, Management Business and Accounting 

 

 

Full Moderation 
Income, Saving Behavior, Financial Risk Management, and Interaction 

(Income × Saving Behavior) 
0.63 

Sensitivity (No Interaction) 
Income, Saving Behavior, and Financial Risk Management without 

interaction term 
0.54 

 

Appendix F. Robustness and Predictive Validation 

Test Statistic Result Interpretation 

Breusch–Pagan Test BP = 38.37 p < 0.001 Heteroskedasticity detected 

Durbin–Watson Test DW = 2.11 p > 0.05 No autocorrelation 

Hold-out Validation (70/30) RMSE = 0.715 — Good predictive accuracy 

5-Fold Cross-Validation Mean RMSE = 0.680 — Stable prediction error 

5-Fold Cross-Validation Mean MAE = 0.570 — Moderate prediction error 

 

Appendix G. Sensitivity Analysis 

Alternative Specification Description Key Result 

No Interaction Model 
Regression model excluding the interaction 

term (Income × Saving Behavior) 

Coefficient signs remain 

consistent 

Reduced Outcome 

Specification 

Model estimated using a minimal set of 

Household Financial Decision Making (Y2) 

items 

Similar coefficient magnitudes 

and interpretations 

Baseline OLS Comparison Comparison with baseline model specification 
Results remain substantively 

unchanged 

 

Appendix H 

Operational Definition of Variables 

Construct 
Indicator 

Code 
Indicator Operational Meaning Source Scale 

Income (X1) X11 Current income level 

Reflects the adequacy of 

current income to support 

culturally expected 

financial expenditures 

(Acerenza & 

Gandelman, 2019; 

Deeming, 2009; 

Penne et al., 2020) 

5-point Likert 

  X12 
Employment status 

and income stability 

Measures income stability 

as a foundation for 

financial capacity in 

fulfilling cultural 

obligations 

(Deeming, 2009; 

Grzywińska-Rąpca, 

2025; Penne et al., 

2020) 

5-point Likert 

  X13 
Sensitivity to prices 

and costs 

Assesses responsiveness to 

price fluctuations related 

to culturally embedded 

expenditures 

(Acerenza & 

Gandelman, 2019; 

Deeming, 2009; 

Grzywińska-Rąpca, 

2025) 

5-point Likert 

  X14 
Sustainability of 

income sources 

Measures expectations 

regarding short-term 

income continuity 

(Acerenza & 

Gandelman, 2019; 

Karonen & Niemelä, 

2022; Katsuura, 

2012) 

5-point Likert 

  X15 
Access to seasonal 

additional income 

Evaluates access to 

additional seasonal 

income supporting 

culturally driven spending 

(Acerenza & 

Gandelman, 2019; 

Karonen & Niemelä, 

2022; Penne et al., 

2020) 

5-point Likert 

Saving 

Behaviour 

(X2) 

X21 
Saving goals (short- 

and long-term) 

Assesses saving 

orientation for anticipated 

culturally embedded 

expenditures 

(Deeming, 2009; 

Grzywińska-Rąpca, 

2025; Penne et al., 

2020) 

5-point Likert 
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  X22 
Financial literacy in 

saving decisions 

Measures financial 

understanding in saving-

related decision-making 

(Rolison et al., 2017; 

Saeedi & Hamedi, 

2018) 

5-point Likert 

  X23 
Cultural values in 

saving habits 

Assesses the influence of 

cultural norms on saving 

practices 

(Deaton, 1992; 

Khanal et al., 2019; 

Reeves & de Vries, 

2019) 

5-point Likert 

  X24 
Social pressure in 

saving 

Describes the role of social 

pressure in shaping saving 

behaviour 

(Story et al., 2015; 

Wei & Jung, 2017; 

Wilska et al., 2023) 

5-point Likert 

  X25 

Adaptive saving 

behaviour under 

economic risk 

Measures adaptive saving 

responses under economic 

uncertainty 

(Fisher, 2010; 

Fulford, 2014; Gan & 

Kay, 2025; Mishra & 

Chang, 2009) 

5-point Likert 

Financial Risk 

Management 

(Y1) 

Y11 
Availability of 

emergency funds 

Measures preparedness 

for unexpected financial 

events 

(Ademola et al., 

2025; HORIOKA, 

2019; Koon et al., 

2020) 

5-point Likert 

  Y12 Budgeting ability 

Assesses planning 

discipline in managing 

expenditures 

(Grzywińska-Rąpca, 

2025; Karonen & 

Niemelä, 2022; 

Penne et al., 2020)  

5-point Likert 

  Y13 Debt management 

Measures preference for 

avoiding excessive 

financial risk 

(Flodén, 2006; Gan & 

Kay, 2025; Mishra & 

Chang, 2009) 

5-point Likert 

  Y14 

Financial risk 

management during 

travel 

Assesses awareness and 

evaluation of financial risk 

during travel 

(Ferrer-Rosell et al., 

2015; Obenour, 2004; 

Phan et al., 2025) 

5-point Likert 

  Y15 

Response to 

macroeconomic 

conditions 

Measures sensitivity to 

macroeconomic changes 

affecting expenditures 

(Jabłonkowska & 

Stankiewicz, 2018; 

Tejas Tamnar et al., 

2025) 

5-point Likert 

Household 

Financial 

Decision 

Making (Y2) 

Y21 
Emotional 

motivation to reunite 

Captures emotional 

motivation underlying 

culturally expected 

financial decisions 

(Kerr et al., 2019; 

Kitayama & Park, 

2007; Zhou et al., 

2025) 

5-point Likert 

  Y22 

Cultural obligation 

and traditional 

values 

Assesses the strength of 

cultural obligation in 

shaping decisions 

(Deaton, 1992; 

Reeves & de Vries, 

2019; Voon & Voon, 

2011) 

5-point Likert 

  Y23 
Rational decision-

making (cost–benefit) 

Measures rational 

evaluation processes in 

financial decisions 

(Akinkoye & 

Bankole, 2020; 

Kurniawati & 

Syamsuddin, 2025; 

Purwanto & 

Amanah, 2019) 

5-point Likert 

  Y24 Financial readiness 

Assesses perceived 

financial readiness to fulfil 

cultural obligations 

(Acerenza & 

Gandelman, 2019; 

Karonen & Niemelä, 

2022; Penne et al., 

2020) 

5-point Likert 

  Y25 

Accessibility of 

transportation and 

infrastructure 

Describes the role of 

infrastructure in enabling 

decisions 

(Arfaoui et al., 2024; 

Javed et al., 2025; 

Weisfeld-Spolter et 

al., 2018) 

5-point Likert 

 

 

 

 
 


